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Object-based Video Segmentation Technology
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Abstract Due to the development of streaming media and emerging of content-based functionalities in MPEG-4,
object-based segmentation technology becomes a popular research in video field. Video segmentation provides an
easy and efficient way for video retrieval and coding, whereas it is a difficulty issue in computer vision. From shot-
based to extraction of video object planes (VOPs), video segmentation develops to extract video object (VO). In
fact, shot-based segmentation is one of the primary steps in the true object-based video segmentation. Currently,
segmentation technology for content-based representation is still premature. This article gives an overview of
existing techniques for object-based segmentation. The performance, relative merits and limitations of each of the
approaches are comprehensively discussed and contrasted. Different from the traditional classification approaches,
this paper presents a new view of analyzing the recent research in this area. Some important and advanced video
segmentation algorithms are analyzed and compared both in theory and experimental results. According to different
information used in those algorithms, they are classified into several classes. This classification criterion is more
revelatory and useful to developing new segmentation algorithm. Finally, some existing problems worth discussing
and directions need to further research are proposed.
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Murray 1 Buxton B ER AR K E R R
(Maximum a posterior , MAP) i 77 #: 3 43 S #155 F
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|0). ] A Bayes BN, Prux (X |O)TT 1 P(O|X) P
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Neri % A8 H T A B & B 4 3+ 7 2 (Higher-
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[F132 3 % 4R 43 &1 3R
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EEELT A TAHAA-EEAHBEAHRE
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Pedersini ¥ AR TRIN M AZS B MR E
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ZHE R B 3R 7 A A N 4 B R P B — B
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B X 3.
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SRR Rz, B P ERE TEaERE
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